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Exclusive Al:

Training Costs

e BERT (Devlin et al, 2019) was trained on 16 servers for 4 days
e RoBERTa (Liu et al., 2019) was trained on 1024 servers for 1 day

e PaLM (Chowdhery et al., 2022) was trained on 10,000 servers for 50 days
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Strubell et al. (2019)

Problems with Scaling

Environment

Consumption CO-se (Ibs)
Air travel, 1 person, NY <>SF 1984
Human life, avg, 1 year 11,023
American life, avg, 1 year 36,156
Car, avg incl. fuel, 1 lifetime 126,000

Training one model (GPU)

NLP pipeline (parsing, SRL) 39
w/ tuning & experiments 78,468
Transtormer (big) 192
w/ neural arch. search 026.155
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Measuring the Carbon Intensity of Al in Cloud Instances
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Matching Model and Instance Complexity
S. et al. (2020)
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